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Text Bridge

An expressive soundtrack blending strings with orchestral
clements, designed to convey a wide spectrum of emotions, from

Multimodal Inputs

Then wake to weep.

Multimodal intense action to deep melancholy.
B o : Music A dynamic and emotive soundtrack featuring a rich blend of

: Description strings that evoke a sense of adventure, romance, and epic drama.
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» Jd Background: Multimodal music generation — creating music from text,
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A vibrant, energetic, and epic soundtrack
featuring a dynamic blend of strings,
brass, and orchestral elements, perfectly
capturing a sense of adventure and
excitement.

Emotion Match: The energy and vibrancy of the
description match perfectly with the lively festival scene.
Scene Association: The use of “strings, brass, and
orchestral elements” effectively aligns with the
celebratory and grand setting.

Conclusion: The description is highly appropriate for
this image, requiring no further improvement.

« MTV-24K: A curated video—music dataset with fine-grained alignment,
used for training visual-to-music description.
« MT-512K: A large-scale text—music dataset (500K+ pairs) with rich

annotations, forming the foundation for retrieval-augmented generation.

Score: 5/5

Reason:

Emotion Match: The gentle piano melody perfectly
evoke the tenderness and nostalgia expressed in the
characters’ emotional moment.

Scene Association: The use of “soft strings™ aligns with
the intimate and heartfelt nature of the scene, enhancing
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A gentle piano melody, accompanied by
soft strings, to evoke a sense of tenderness.
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Emotion Match: The slow, eerie melody and dissonant
chords align seamlessly with the despair and isolation
depicted in The Scream.

Scene Association: The “dissonant chords” effectively
complements the painting’s unsettling and surreal nature.
Conclusion: The description accurately reflects the
psychological intensity of the image, requiring no
further improvement.

 Text Bridge (MMDM): Translates visual mputs (1mage/video) into
structured music descriptions, serving as the semantic bridge.

* Music Bridge (Dual-track Retrieval): Broad retrieval provides
melody/thythm reference; targeted retrieval offers controllable attributes
like genre, mood, tempo.

 Explicitly Conditioned Generation (ECMG): Diffusion Transformer +
ControlFormer, integrating both bridges for high-quality and controllable
music generation.

A slow, eerie, and melancholic melody,
using a combination of dissonant chords
and a haunting vocal line to evoke the
sense of despair and isolation.
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